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An Improved Genetic Algorithm Based on Mountain-climbing

Operators and Fitness Sharing
Tu Jing=xian Liu Wei

( Faculty of Applied Mathematics Guangdong University of Technology Guangzhou 510006 China)

Abstract: An improved genetic algorithm based on mountain-elimbing operators and fitness sharing is proposed. It

combines the genetic algorithm with the local searching algorithm effectively which enhances the searching ability of

the genetic algorithm. The mountain-elimbing operator based on the method of golden section optimizes each di-

mension of the individual in turn . The results show that the improved algorithm is better than some current algo—

rithms. The new algorithm not only has a rather high convergence speed but also locates the global optimum with a

rather large probability.
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